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Abstract

Since the COVID-19 pandemic hit the global community, politicians as well as scientists increasingly
turn to Twitter to share urgent health information using various message styles. The results
of our 2 × 2
between-subject experiment show that if a Tweet is written in lower-case letters,
participants perceive the information source as more trustworthy. Furthermore, the
                                                                             
                                                                             
information is perceived as more credible, and people are more willing to read the health
information and share it via social media. Furthermore, scientists are perceived as
possessing more expertise than politicians. However, politicians are perceived as
possessing more integrity and benevolence than scientists.
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1     Introduction

Twitter is a microblogging service that is used daily by 199 million users [Firsching, 2021]
from various backgrounds [Mislove et al., 2011] and it is reshaping the healthcare system
[Hawn, 2009]. Laypeople regularly use Twitter to share health information about dementia
[Robillard et al., 2013], tweet about their pain experiences [Heaivilin et al., 2011] and their
use of antibiotics [Scanfeld, Scanfeld and Larson, 2010]. Since health information
is associated with specific language characteristics [Coppersmith, Dredze and
Harman, 2014], Twitter data can be used to measure and track the evolution
of health states within societies [Prieto et al., 2014]. Researchers, for example,
have used Twitter data to predict heart disease mortality [Eichstaedt, Schwartz,
Kern et al., 2015; Eichstaedt, Schwartz, Giorgi et al., 2018], the affordable care
act marketplace enrolment [Wong et al., 2015], HIV prevalence [Ireland et al.,
2015], obesity rates [Mitchell, Frank et al., 2013] and depression [Tsugawa et al.,
2015]. Besides tracking health states, Twitter is used by scholars to communicate
research findings [Veletsianos, 2012] and by governments to promote citizen
engagement [Chen et al., 2020]. Furthermore, major health organizations like the
                                                                             
                                                                             
American Heart Association and the American Cancer Society use Twitter for
their health promotion and public engagement efforts [Park, Reber and Chon,
2016].

   Since the COVID-19 pandemic hit the global community [World Health Organization,
2020], laypeople [Singh et al., 2020], politicians [Spahn, 2020] and scientists [Drosten, 2020]
increasingly turn to Twitter to talk about the pandemic and share health information.
Communicating health information via Twitter seems to be a reasonable approach since
many people report that they use social media platforms like Facebook, YouTube, Twitter
and Instagram as a regular source of news [Shearer and Mitchell, 2021]. However, not all
information about the COVID-19 pandemic on Twitter is accurate [Kouzy et al., 2020;
Sharma et al., 2020; Singh et al., 2020]. A recent study analyzed Tweets about the
COVID-19 pandemic and found that 25% of the Tweets contained misinformation
and 17% contained unverifiable information [Kouzy et al., 2020]. The spreading
of misinformation has gone so far that Twitter started to remove misleading
Tweets about the COVID-19 pandemic that could encourage people to engage
in harmful behavior [Peters, 2020]. Furthermore, scientists started to develop
nudging strategies to prevent people from sharing misinformation via Twitter
[Pennycook et al., 2020]. In light of the increasing amount of misinformation about the
COVID-19 pandemic on Twitter, it is essential to understand how laypeople decide
whether information sources are trustworthy and whether their information is
credible.


   
1.1     Evaluating online health information

Even though health information on the internet often contains misinformation [Kata, 2010;
Keelan et al., 2007; Miles, Petrie and Steel, 2000; Pandey et al., 2010], laypeople
typically turn to the internet as their first source of information [Fox and Duggan,
2013; Prestin, Vieux and Chou, 2015]. According to the content-source integration
model [Stadtler, Winter et al., 2017; Stadtler and Bromme, 2014], laypeople decide
whether health information is accurate by evaluating the credibility of the provided
information (e.g., “Are the health claims logically coherent and compatible with
my prior knowledge?”) and the trustworthiness of the information source (e.g.,
“Is the information source an expert in their field?”). Whether an information
source is perceived as trustworthy depends on their ability/expertise (e.g., “Is
the information source competent and experienced?”), benevolence (e.g., “Is
the information source responsible and considerate?”) and integrity (e.g., “Is
the information source honest and fair?”) and diverse inventories have been
developed to measure these factors [Engelke, Hase and Wintterlin, 2019; Hendriks,
Kienhues and Bromme, 2015; Mayer, Davis and Schoorman, 1995]. Since most people
have just a bounded understanding of science and health claims can be highly
complex, laypeople often face difficulties when evaluating the accuracy of health
claims [Bromme and Goldman, 2014; Bromme and Thomm, 2016]. In such difficult
situations, laypeople often base their evaluations on factors that surround health
claims.
                                                                             
                                                                             

   Recent studies have shown that laypeople use the professional background of an
information source to evaluate the accuracy of health information. Unfamiliar health
information on websites, for example, is deemed less credible if it is provided by a student
(e.g., Tim Alster, a high school freshman) rather than a medical expert (e.g., Dr.
William Blake, HIV specialist) [Eastin, 2001]. Another study found that health
communicators in video lectures are deemed less trustworthy if their professional
background suggests a potential conflict of interest [König and Jucks, 2019c].
Moreover, lobbyists, in comparison to scientists, are deemed less trustworthy
when participating in scientific debates [König and Jucks, 2019a] and more
manipulative when giving health advice in online health forums [König and
Jucks, 2019b]. One theory that might help to explain these effects is the theory of
epistemic authority [Kruglanski, Raviv et al., 2005; Kruglanski, Dechesne et al., 2009;
Zagzebski, 2015]. The theory assumes that information sources vary in their epistemic
authority which can be influenced by their professional background, expertise
and various other factors. If an information source has gained high epistemic
authority in a specific domain, they can become “a source on whom an individual
turns to obtain knowledge on various topics” [Kruglanski, Dechesne et al., 2009].
Hence, health information provided by medical experts might seem more credible
because medical experts have more epistemic authority in the domain of medicine
than non-medical experts. Another source factor that can influence the perceived
credibility and expertise of communicators on social media is the perceived fit
between the communicator and the communication topic [Breves et al., 2019]. In the
context of Twitter, one study found that “when a professional source with many
followers tweets, participants tend to perceive the content to be more credible
than when a layperson source with many followers tweets” [Lee and Sundar,
2013].

   Another important factor that influences the evaluation of online health information is
the message style in which health claims are written. It has been shown that overly
positive message styles [König and Jucks, 2019b; König and Jucks, 2020] can damage the
trustworthiness of information sources and the credibility of their information when
providing health information in online health forums. Furthermore, in the context of
scientific debates about medications, it has been shown that the use of aggressive message
styles can backfire and harm trustworthiness and credibility ratings [König and Jucks,
2019a]. Besides influencing trustworthiness and credibility judgements, is has been shown
that emotional writing and speaking styles can shape doctor-patient communications in
internet forums [Bientzle et al., 2015], the instructional quality of podcasts [König, 2020]
and risk perceptions [Flemming, Cress, Kimmig et al., 2018]. For example, one study
found that after listening to an enthusiastic science communicator, participants rated the
provided information as more interesting and exciting [König, 2020]. Moreover,
the participants enjoyed the listening process more, had a higher motivation to
learn more about the covered topic and they evaluated the podcast host as more
trustworthy.


   
1.2     Effects of professional background and message style on source trustworthiness,
message credibility and behavioral intentions

                                                                             
                                                                             
Since the COVID-19 pandemic started, various people with diverse professional
backgrounds have turned to Twitter to communicate urgent health information to
the general public. These include politicians, like the health ministers from the
United States of America [Azar, 2020] and the Federal Republic of Germany
[Spahn, 2020], as well as scientists from widely known institutions, like Johns
Hopkins University [Gardner, 2020] and the Charité in Berlin [Drosten, 2020].
From previous studies, it is known that politicians are typically perceived as
being dishonest [Gallup, 2018]. Furthermore, it is known that politicians are
perceived as less warm and less competent than professors [Fiske and Dupree, 2014].
Additionally, the fit between the health topic and the scientist might be higher
compared to the fit between the politician and the communication topic, which might
increase the perceived source credibility [Breves et al., 2019]. Based on these
findings, one might hypothesize that scientists could be more effective when
communicating urgent COVID-19 health information to the general public via Twitter
than politicians.

   Furthermore, when communicating urgent information via Twitter, some people
almost exclusively use capital letters when writing their messages. One prominent
example who regularly tweets in capital letters is the 45th President of the United States of
America [Trump, 2018]. Even though studies have started to look at the use of Tweets in
capital letters in the context of political campaigns [Enli, 2017], no study has systematically
investigated the specific reasons why people tweet in capital letters. In various online
communities, however, tweeting in capital letters is typically interpreted as a form
of shouting which is supposed to stress the importance and seriousness of the
message [Strizver, 2020; Tschabitscher, 2021; Turk, 2018]. Even though various
people tweet in capital letters to communicate COVID-19 health information
to the general public [Trump, 2020], this strategy might backfire because it can
harm processing fluency. Processing fluency may be defined as “the subjective
experience of ease with which people process information” and it can stem from
perceptual as well as linguistic message features [Alter and Oppenheimer, 2009].
Since fluency perceptions are constantly available, people rely on them regularly
when evaluating information [Greifeneder and Bless, 2007; Whittlesea and Leboe,
2003]. Messages that are hard to read [Reber and Schwarz, 1999] or delivered
in bad audio quality [Newman and Schwarz, 2018], for example, are deemed
less credible. Based on these findings, in can be argued that Tweets that almost
exclusively rely on capital letters are more difficult to read and therefore decrease
processing fluency. Hence, one might hypothesize that messages written in lower-case
letters could be more effective when communicating urgent COVID-19 health
information to the general public via Twitter than messages written in capital
letters.

   So far, no study has investigated whether an information sources’ professional
background (being a politician vs. being a scientist) and message style (tweeting in capital
letters vs. tweeting in lower-case letters) influence the effectiveness of communicating
COVID-19 health information via Twitter. To address this research gap, we conducted a
2×2
between-subject experiment. During the experiment, participants were shown a
Twitter profile of a person called Andreas Bauer. Depending on the experimental
condition, the Twitter profile stated that Andreas Bauer was either a politician
(“Minister for Public Health in the Government of the Saarland”) or a scientist
(“Professor of Public Health at Saarland University”). Furthermore, participants were
                                                                             
                                                                             
shown a Tweet containing health information from Andreas Bauer. Depending on
the experimental condition, the Tweet was written in either capital letters or
lower-case letters. Subsequently, participants answered questions regarding the
trustworthiness of the information source, the credibility of the provided information and
their behavioral intentions. The goal of the procedure was to test the following
hypotheses.
     
	
Hypothesis 1:
	  Scientists,  in  comparison  to  politicians,  are  more  effective  when
     communicating COVID-19 health information via Twitter, concerning source
     trustworthiness, message credibility and behavioral intentions.
     
	
Hypothesis 2:
	 Messages written in lower-case letters, in comparison to capital letters,
     are  more  effective  when  communicating  COVID-19  health  information  via
     Twitter, concerning source trustworthiness, message credibility and behavioral
     intentions.



   
2     Methods


   
2.1     Sample

To recruit participants, we contacted people via email newsletters and social networking sites
and asked them to take part in the experiment. As an incentive for participation, participants
had the opportunity to enter a lottery and win one of multiple online shop vouchers. An a
priori power analysis using G*Power (Faul et al. [2007]; specifications: test family
 = F tests; statistical test = ANOVA: fixed effects, special, main effects and interactions; type of power analysis = a priori; f = 0.15, α = 0.05, power = 0.85, numerator df = 1, number of groups = 4) indicted that a total of 401 participants were needed to detect a small to medium effect with satisfactory power. To compensate for possible participant exclusions, we oversampled slightly. A total of 439 participants completed the experiment and indicated at the end of the study that they answered all questions honestly. 15 participants were excluded from data analysis because they stated that they faced technical problems during the study. Therefore, the final convenience sample contained 424 (262 females, 156 males, 6 diverse) participants with an average age of 26 years (M = 25.65, SD = 6.86).



   
2.2     Material and procedure

The 2×2
between-subject experiment was conducted online using the SoSci Survey platform (SoSci
Survey GmbH, Munich, Germany) for data collection. In a first step, participants were
informed about the general context of the study and the procedures of the upcoming
experiment. After participants gave their informed consent to participate in the
experiment, they provided demographic information and answered the control
measures. Following this, participants were randomly assigned to one of the four
experimental conditions and were shown a Twitter profile of a person called
Andreas Bauer. Depending on the experimental condition, the Twitter profile stated
that Andreas Bauer was either a politician (“Minister for Public Health in the
Government of the Saarland”, see Figure 1) or a scientist (“Professor of Public Health at
Saarland University”, see Figure 2). On the next page, participants were shown a
Tweet containing health information from Andreas Bauer (“Important: You have
contracted the new #CoronaVirus? Click here for my health advice to get better soon:
andreasbauer1960.de/Gesundheitstip…”). Depending on the experimental condition, the
Tweet was written in either capital letters (see Figure 3) or lower-case letters (see
Figure 4). Subsequently, participants answered the dependent measures, and the
manipulation check questions. After this, participants were asked whether they
faced any technical problems during the study and whether they answered all
questions honestly. At the end of the study, participants were debriefed and had the
opportunity to enter their email address for participating in the online shop voucher
lottery.
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Figure 1: Twitter profile of politician. 
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Figure 2: Twitter profile of scientist. 
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Figure 3: Tweet in capital letters. 
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Figure 4: Tweet in lower-case letters. 

                                                                             
                                                                             
   



   2.3     Control measures and manipulation check

A total of four control measures were included to assess whether the experimental groups
differed in characteristics that could bias the study results. Participants indicated their
agreement with three statement about their internet usage (“I regularly use the internet to
read about scientific topics”), their belief in science (“I believe in science”) and their prior
knowledge (“I know a lot about COVID-19”). Participants indicated their agreement on
scales ranging from 1 (strongly disagree) to 7 (strongly agree). Furthermore, participants
were asked “How often do you use Twitter?”. Participants indicated their answers on a
scale ranging from 1 (zero days a week) to 8 (seven days a week). As a manipulation
check, participants were asked “What is Andreas Bauer’s profession?”. Participants
could choose between “Minister for Public Health in the Government of the
Saarland”, “Professor of Public Health at Saarland University” and “I do not know”.
Furthermore, they were asked “Did Andreas Bauer almost exclusively use capital letters
in his Tweet?”. Participants could choose between “Yes”, “No” and “I do not
know”.


   
2.4     Dependent measures


   
2.4.1     Source trustworthiness

To assess how trustworthy the information source was perceived to be, the Muenster
Epistemic Trustworthiness Inventory [Hendriks, Kienhues and Bromme, 2015] was used.
Participants rated 15 items on scales ranging from 1 (not trustworthy at all) to 7 (very
trustworthy). The items measured expertise (e.g., “unqualified – qualified”),
benevolence (e.g., “immoral – moral”) and integrity (e.g., “insincere – sincere”).
Since likability is frequently considered to be an additional subdimension of
trustworthiness, participants indicated their agreement with the statement “I
like Andreas Bauer” on a scale ranging from 1 (strongly disagree) to 7 (strongly
agree).
                                                                             
                                                                             


   
2.5     Message credibility

To assess the credibility of the information provided in the Tweet, participants indicated
their agreement with the statement “Andreas Bauer’s health advice is credible” on a scale
ranging from 1 (strongly disagree) to 7 (strongly agree).


   
2.6     Behavioral intentions

To assess participants’ behavioral intentions after reading the Tweet, participants indicated
their agreement with the statements “I would read Andreas Bauer’s health advice” and “I
would share Andreas Bauer’s health advice via social media” on scales ranging from 1
(strongly disagree) to 7 (strongly agree).


   
3     Results


   
3.1     Control measures and manipulation check

For all analyses, the statistical software SPSS Statistics Version 26 (IBM Corp, Armonk,
New York, United States) was used. Before analyzing the dependent measures, four
one-way between-subject analyses of variance were conducted with experimental
condition as the independent variable and the control measures as dependent variables to
analyze whether the participants in the four experimental groups differed in aspects that
could bias the study results. The results showed that the participants in the four
experimental groups did not significantly differ in regard to their internet usage
[F(3, 420) = 0.867, p = .458, η2p = .006], their belief in science [F(3, 420) = 0.257, p = .856, η2p = .002], their prior knowledge [F(3, 420) = 1.063, p = .364, η2p = .008] and their Twitter usage [F(3, 420) = 1.100, p = .349, η2p = .008].

Therefore, the four control measures were not included in further analyses. Of the 424
participants, 381 (89.9%) correctly remembered the professional background of Andreas
Bauer and 354 (83.5%) correctly remembered whether he almost exclusively used capital
letters in his Tweet. 322 (75.9%) participants answered both manipulation check questions
correctly. The relatively high remembrance rates suggest that the experimental
manipulations worked as expected. As information seekers naturally differ in their
attention to detail in real-world online settings and the experimental manipulations might
not need to be consciously remembered to have an effect, all participants were included in
data analyses.


   
3.2     Dependent measures

For the analyses of the dependent measures, two-way between-subject analyses
of variance were conducted with professional background (being a politician
vs. being a scientist) and message style (tweeting in capital letters vs. tweeting in
lower-case letters) as independent variables. Table 1 shows the means and standard
deviations of the dependent measures by professional background and message
style.
   

                                                                             
                                                                             
   


                                                                             
                                                                             
 Table 1: Means and standard deviations of the dependent measures by professional
background and message style. 
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   3.2.1     Main effects of professional background


There were significant main effects of professional background on expertise [F(1, 420) = 5.679, p = .018, η2p = .013], integrity [F(1, 420) = 4.727, p = .030, η2p = .011] and benevolence [F(1, 420) = 4.181, p = .042, η2p = .010]. However, there were no significant main effects of professional background on likability [F(1, 420) = 0.975, p = .324, η2p = .002], credibility [F(1, 420) = 0.005, p = .943, η2p < .001], reading intention [F(1, 420) = 0.093, p = .760, η2p < .001] and sharing intention [F(1, 420) = 0.460, p = .498, η2p = .001].


   
3.2.2     Main effects of message style


There were significant main effects of message style on expertise [F(1, 420) = 17.688, p < .001, η2p = .040], integrity [F(1, 420) = 15.900, p < .001, η2p = .036], benevolence [F(1, 420) = 18.474, p < .001, η2p = .042], likability [F(1, 420) = 15.984, p < .001, η2p = .037], credibility [F(1, 420) = 28.321, p < .001, η2p = .063], reading intention [F(1, 420) = 26.660, p < .001, η2p = .060] and sharing intention [F(1, 420) = 8.167, p = .004, η2p = .019].


   
3.2.3     Interaction effects


The two factors of professional background and message style did not interact with each other significantly to influence expertise [F(1, 420) = 3.392, p = .066, η2p = .008], integrity [F(1, 420) = 1.753, p = .186, η2p = .004], benevolence [F(1, 420) = 0.752, p = .386, η2p = .002], likability [F(1, 420) = 1.524, p = .218, η2p = .004], credibility [F(1, 420) = 2.469, p = .117, η2p = .006], reading intention [F(1, 420) = 2.278, p = .132, η2p = .005] and sharing intention [F(1, 420) = 1.642, p = .201, η2p = .004].


   
4     Discussion

                                                                             
                                                                             
The goal of the present study was to investigate whether an information sources’
professional background (being a politician vs. being a scientist) and message style
(tweeting in capital letters vs. tweeting in lower-case letters) influence the effectiveness of
communicating COVID-19 health information via Twitter. It was hypothesized that
scientists, in comparison to politicians, are more effective when communicating
COVID-19 health information via Twitter. The results, however, just partly support the
hypothesis. In line with the hypothesis, scientists were perceived as possessing more
expertise than politicians. However, politicians were perceived as possessing more
integrity and benevolence than scientists. Furthermore, the information sources’
professional background did not influence his likability, the credibility of his health
information and participants’ intention to read his health information and share it
via social media. These results are surprising because previous studies have
found that scientists are typically perceived as being more trustworthy than
politicians. One reason for these results might lie in the operationalizations that
were used in the current study. Studies that find that politicians are perceived as
being less trustworthy typically ask general questions like “How trustworthy are
politicians?” or “How much do you trust members of parliament?”. When confronted
with such general questions, participants may base their evaluations on their
knowledge about politics which probably includes knowledge about various political
scandals. Therefore, their evaluations may become more negative. In the current
study, however, participants did not provide their opinion about politicians in
general. Instead, they evaluated an unknown politician who was not connected to
any political scandals and who was a minister for public health. Participants
may have assumed that politicians have to possess integrity and benevolence to
achieve such a high political position. To test this explanation, future studies
could replicate the current study, but instead of introducing the politician as a
minister for public health, they could introduce the politician as a member of
parliament.

   The second hypothesis stated that messages written in lower-case letters, in
comparison to capital letters, are more effective when communicating COVID-19 health
information via Twitter. In line with the hypothesis, information sources who tweeted in
lower-case letters were perceived as more trustworthy. More specifically, they were
perceived as possessing more expertise, integrity and benevolence. Furthermore, their
health information was perceived as being more credible and participants were more
willing to read their health information and share it via social media. Even though the
results are in line with the hypothesis, additional research could explore whether
processing fluency really is the driving force behind the found effects. Future studies could
replicate the current study but use a wider range of message characteristic manipulations.
It could be varied, for example, whether 0%, 20%, 40%, 60%, 80% or 100% of the message
are written in capital letters. If processing fluency is the underlying mechanism of
the found effects, we would expect the negative evaluations to become more
pronounced with increasing amounts of capital letters. This approach would, of
course, require many more research participants. However, it could help to clarify
whether processing fluency really is the underlying mechanism of the found
effects.

   Future studies could also identify and manipulate factors that might modify the found
professional background and message style effects. It has been argued, for example, that
the tentative nature of scientific information can influence credibility judgements [Bromme
and Goldman, 2014; Flemming, Cress and Kimmerle, 2017]. In line with this
                                                                             
                                                                             
argument, it seems to be a common finding in the context of journalism research that
“upon reading journalistic articles about novel scientific findings, readers who
recognize the tentative nature of the findings rate the journalistic article that
reports these findings as less credible” [Flemming, Kimmerle et al., 2020]. From a
scientific point of view, these findings seem surprising because acknowledging the
tentativeness of scientific information is a common and reasonable practice in
academic communities [Hyland, 1996]. Nevertheless, these findings illustrate that
diverse factors have the potential to influence credibility and trustworthiness
judgements [Choi and Stvilia, 2015; Metzger and Flanagin, 2015; Pornpitakpan, 2004].
Therefore, future studies could explore whether stressing the tentativeness of the
provided information modifies the message style effect. For example, one might
argue that Tweets written in lower-case letters seem credible as long as they do
not stress the tentativeness of the provided information. However, if Tweets
stress the tentativeness of the provided information, readers might focus on the
tentativeness and ignore the message style manipulations when making their credibility
judgements.


   
4.1     Limitations and future research directions

Even though the current study provides valuable insights into the effects of professional
background and message style on source trustworthiness, message credibility and
behavioral intentions, there may be limitations to the generalizability of the results. Two
limitations regarding the age of the study participants and the geographical location of the
experiment seem especially important. It is important to stress that we relied on a
convenience sample that is not representative of the German population which might limit
the generalizability of the found effects. With an average age of 26 years, for
example, the study participants were relatively young. Since previous research
suggests that the age of study participants might influence source monitoring,
suggestibility to misinformation and credibility evaluations [Choi and Stvilia, 2015;
Mitchell, Johnson and Mather, 2003], future research should replicate the current
study with different age groups. It could be hypothesized, for example, that
younger study participants are more critical when evaluating messages on Twitter
because they are more familiar with modern communication services like Twitter
and therefore are more aware of the high prevalence of misinformation on such
services.

   Another limitation could lie in the geographical location in which the current study
took place. More specifically, countries have developed different civic epistemologies,
which describe ways in which societies evaluate and discuss knowledge claims [Jasanoff,
2005; Jasanoff, 2011]. In Germany, where the current study took place, discussions
typically focus on “building communally crafted expert rationales, capable of supporting a
policy consensus”, whereas in the United States, “information is typically generated by
interested parties and tested in public through overt confrontation between opposing,
interest laden points of view” [Jasanoff, 2011]. Therefore, study participants in Germany
may prefer messages in lower-case letters because they seem as a more constructive way
of communicating health information and reaching a consensus. In the United States,
                                                                             
                                                                             
however, study participants may be more familiar with messages written in capital letters
and therefore may react differently to them. Hence, it could be hypothesized that the
found massage style effects are stronger in Germany than the United States of
America. Another factor that might have affected the results is the geographical
location that was stated in the Twitter profile. Depending on the experimental
condition, the Twitter profile stated that Andreas Bauer was either a politician
(“Minister for Public Health in the Government of the Saarland”) or a scientist
(“Professor of Public Health at Saarland University”). In both cases, the Twitter
profile suggested that Andreas Bauer was located in the German state of Saarland.
One might argue that the German state of Saarland is not typically associated
with academic excellence and therefore scientists and politicians from this state
might seem less trustworthy in general. To test this hypothesis, future studies
could investigate whether scientists and politicians from German states with
renowned flagship universities (e.g., North Rhine-Westphalia, Saxony) seem
more trustworthy than scientist and politicians from German states without any
flagship universities (e.g., Mecklenburg-Vorpommern, Saarland) [Wissenschaftsrat,
2019].


   
4.2     Conclusion

When evaluating urgent health information communicated via Twitter, people base their
judgements on the professional background of the information source and their message
style. If the message is written in lower-case letters, instead of capital letters, people
perceive the information source as possessing more expertise, more integrity and more
benevolence. Furthermore, the health information is perceived as being more
credible and people are more willing to read the health information and share it via
social media. In regard to the professional background of the information source,
scientists are perceived as possessing more expertise than politicians. However,
politicians are perceived as possessing more integrity and benevolence than
scientists.
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(1.47) (1.65) (1.37) (1.63)
Behavioral intentions
Reading intention 3.07 3.13 .760 2.63 3.56 < .001
(1.94) (1.91) (1.76) (1.97)
Sharing intention 1.59 1.67 498 1.46 1.79 .004
(1.16) (1.29) (1.05) (1.35)
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